
 

 YALE CASE MARCH 13, 2026 

An Analysis of Industry Economic Performance in 
Search Funds 
ETA CEOs and capital providers often scrutinize industry sectors to gain an 
advantage in economic performance, but does industry choice actually 
matter for IRR and MOIC? 
 
Daniel Lazier1 
Jacob Thomas2 
A. J. Wasserstein3 
 
We recently published a note, A Detailed Analysis of ETA CEO Demographics and Financial 
Outcomes, which revealed information on certain personal characteristics related to financial 
outcomes for entrepreneurship through acquisition (ETA) CEOs. When we gathered the data 
for the analysis in that project, we also captured information on the industries of search fund 
companies and their associated financial outcomes, measured by internal rate of return (IRR) 
and multiple of invested capital (MOIC). 

In the demographics note, we believed it would be scope creep to dive into industry-sector 
segmentation and examine related financial results. Additionally, the demographics project 
already provided enough information to overwhelm even the most curious readers. We see this 
note as an extension of the demographics project. Since we had the data to perform the analyses 
and believed students and readers might be interested in the results, we decided to explore 
whether IRR and MOIC could be explained by the operating industry in the ETA game. 

Since this note is effectively an addendum to the demographics note, we will not repeat the 
methodology and limitations sections we typically include in our empirical research. To be clear, 
we are working from the same dataset, using the same methodology, and the same limitations 
still exist. We will just spare readers from having to reread the identical information. 

There is one fresh limitation, however, that we do want to highlight. Across the seven industry 
verticals we will assess, determining where a company belongs involves a combination of art and 
science. In some cases, it is simple, but in many, it is not. For example, is the industry defined by 
the sector in which the company operates or by the customers it serves? Is an enterprise that 
offers a technology solution to other businesses (think a vertical niche ERP solution) considered 
a software company or a business services company? Similarly, is a landscaping firm a blue-collar 
service provider or a consumer services company? Clearly, some subjectivity is required when 
classifying these very niche companies into crisp, well-defined industry categories. As a result, 
we believe our reporting is generally accurate, but there may be some overlap or blurring between 
certain industry categories. 

In this note, we will analyze ETA outcomes by industry to identify patterns and relationships. 
Specifically, we will review the topics below (Figure 1). We will begin with and focus heavily on 
single-factor visualizations mainly because we believe readers will find them engaging and 
valuable. We hope this note helps students, entrepreneurs, and capital providers better 
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understand the impact of industry selection in the ETA contest. Spoiler alert: We discover one industry that 
might be better than others, but overall, there is little evidence that any particular industry is significantly 
superior. However, we do identify at least one sector that is demonstrably worse than the comparison 
group. Let’s dive in! 

Figure 1: The roadmap for this note 

 

Before presenting the results, we will show descriptive statistics for the entire dataset to give readers a sense 
of the sample (Figure 2). It is important to keep this information in mind for context as we compare and 
contrast peer group sectors with each other and with the overall sample.  

Figure 2: Descriptive statistics for the entire dataset 

 

Single-variable results 

In this part of the note, we will analyze seven industry categories and explore their relationship with IRRs 
and MOICs. We will primarily use two types of visualization. First, we create histograms of IRR and MOIC 
bins to illustrate the frequency distribution of outcomes across industry segments compared to others. 
Second, we generate box plots showing the median IRR and MOIC by industry sector, along with the upper 
and lower bounds and the interquartile range. We also compare these to observations outside the defined 
industry.  

It should be noted that these analyses are descriptive; we are neither drawing any inferences nor performing 
statistical tests to determine significance. Readers should resist the temptation to draw exact inferential 
conclusions. Moreover, the ETA world is complex, and it is too simplistic to assume that industry segment 
alone dictates IRR and MOIC outcomes. Instead, industry is just one of many factors in a complex set of 
characteristics that influence financial results. Before moving forward, we will remind readers that IRR and 
MOIC tell related but distinct stories. IRR is a time-sensitive metric, while MOIC is not. Most ETA CEO 
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equity compensation is a function of IRR, not MOIC. Some investors care about IRR because, if they have 
limited partners, that is the scorecard by which they are held accountable, while other investors focus on 
MOIC and the sheer number by which they can multiply their capital. IRR and MOIC are close cousins, 
but not twins, and they both matter in the ETA arena. 

We will now discuss an octet of analyses related to ETA industries and financial outcomes (Figure 3). 

Figure 3: The single-variable results we will examine 

 

01 Software 

Software services are a burgeoning industry target with the ETA set. With recurring revenue, minimal 
capital expenditure requirements, and highly accretive incremental EBITDA* margins, it appears to be a 
dream business model. Technology-focused companies were once considered too risky and off-limits in the 
ETA landscape, but now there are too many software companies to count. Despite the rush into software 
services, the box plots in Figure 4 show that IRR and MOIC outcomes are nearly identical to those of non-
software firms. Median and mean IRRs are nearly indistinguishable, as are median and mean MOICs. 
Furthermore, the interquartile ranges (IQR) also appear aligned. The software terrain might be shifting 
under entrepreneurs’ feet. As the cost to develop high-quality niche software approaches zero with the 
advent of artificial intelligence, the advantage of a deeply embedded incumbent looks less like a conventional 
technical moat and more like a go-to-market head start.  

  

 
* Earnings before interest, taxes, depreciation, and amortization. 
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Figure 4: Software versus all others  

 

For detailed descriptive statistics of Figure 4, see Figure 5. 

Figure 5: Descriptive statistics for software versus all others 

 

In Figure 6, we decompose software outcomes by frequency across histogram bins for IRR and MOIC. In 
the left panel, we display IRR binning results, and in the right panel, MOIC bins. Visually, software 
outperforms the comparison group in the 20 to 34.9% IRR bin and has fewer observations in the 0 to 
9.9% bin, but overall, the percentage frequency across the array of bins is fairly comparable. The same 
pattern holds for the MOIC plot. Based on the histograms, software services perform in an overlapping 
manner with the comparison group. 
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Figure 6: Software histograms 

  

02 Healthcare 

Healthcare is another popular target industry among the ETA crowd. Dental practices, concierge medical 
services, dermatological spas, and hospice care have all achieved success. The concept of search fund 
entrepreneurs acquiring and managing healthcare businesses was once unimaginable, but now it is 
common. As shown in the box plots in Figure 7, healthcare initiatives outperform non-healthcare firms. In 
the IRR box plot, the left panel of Figure 7, healthcare has a higher median and mean IRR. Additionally, 
it shows greater upward potential, a limited downward range, and a tighter IQR with less dispersion. In 
the MOIC plot, the right panel of Figure 7, healthcare has higher median and average MOICs compared 
to all other sectors.  

Figure 7: Healthcare versus all others 

 

The descriptive statistics in Figure 8 show that healthcare has a higher median IRR at 39%, compared to 
24% for non-healthcare. Healthcare also outperforms in MOIC, with a median of 3.8x versus 2.9x for non-
healthcare observations. 

  



 

6 AN ANALYSIS OF INDUSTRY ECONOMIC PERFORMANCE IN SEARCH FUNDS 

 

Figure 8: Descriptive statistics for healthcare 

 
In the histograms in Figure 9, healthcare enterprises outperform their counterparts in the desirable greater 
than 35% IRR bin, with all other bins appearing relatively indistinguishable. In the MOIC histogram, 
healthcare surpasses others in the 3 to 4.9x bin and slightly exceeds them in the greater than 10x bin. 
Additionally, healthcare has fewer observations in the total loss, partial loss, and 1 to 2.9x bins. 

Figure 9: Healthcare histograms 

 
 
03 Food and beverage 

Food and beverage companies tend not to be popular ETA acquisition targets, and we have only four 
observations in our sample. Based on our data, we understand why. Despite limited observations, food and 
beverage companies clearly underperform all other companies in ETA land. In the box plots in Figure 10, 
food and beverage companies have materially lower median and mean IRRs and MOICs. The food and 
beverage IQR is much wider than that of the comparison group in the IRR plot, and there is less upward 
variation.  
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Figure 10: Food and beverage versus all other 

 

In Figure 11, we present descriptive statistics, and they are not encouraging. Food and beverage has 
negative mean and median IRRs, -33% and -49%, respectively, compared to 19% and 26% for all others. 
The median MOIC is less than 1 (0.6x) for food and beverage, while the comparison group is 3.0x.  

Figure 11: Descriptive statistics for food and beverage 

 

The histograms in Figure 12 reinforce the pattern observed in the box plots and descriptive statistics, 
showing that food and beverage has higher percentage frequencies on the left side of the x-axis in both the 
IRR and MOIC plots. There is little good news for ETA operators in the food and beverage sector. 
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Figure 12: Food and beverage histograms 

 

04 Education 

With only three observations classified as education, we should be cautious in interpreting the associated 
data, despite the compelling financial results. In the box plots in Figure 13, education has prominently 
higher median and mean IRRs, equivalent median MOICs, and a much broader MOIC IQR. 

Figure 13: Education versus all other 

 

In the descriptive statistics (Figure 14), we see that education has mean and median IRRs in the 50s, while 
the all others category has a mean IRR of 17% and a median IRR of 25%. Median MOICs are analogous 
at around 3.0x, with the mean MOIC at 6.2x for education and 4.1x for all others. 
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Figure 14: Descriptive statistics for education 

 
All education observations have IRRs exceeding 35%, as shown in the histogram in Figure 15, and display 
a uniform distribution in the MOIC histogram with equal percentages across the 1 to 2.9x, 3 to 4.9x, and 
greater than 10x bins. 

Figure 15: Education histograms 
 

 
05 Business services 

Business services is a large and common ETA category. It is the sector with the highest number of 
observations in our dataset, reflecting its popularity in the ETA jungle. This is likely due to the historical 
ETA belief that business-to-business service providers are not only superior to business-to-consumer firms 
but are also generally highly attractive. 

Figure 16 displays IRR and MOIC box plots for business services compared to all others. At first glance, 
both groups look nearly identical, with corresponding mean and median IRRs and MOICs, as well as 
overlapping IQRs and top quartile ranges. From a box plot perspective, business services seem no better or 
worse than the comparison group. 
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Figure 16: Business services versus all others 

 

The descriptive statistics for business services (Figure 17) support the box plot visuals. Median IRRs are 
very close at 24% for business services and 26% for all others. Median MOICs are exactly the same at 3.0x. 

Figure 17: Descriptive statistics for business services 

 

The left panel in Figure 18 shows no significant differences in the percentage frequency distribution of 
IRR results when comparing business services to all other categories. The bin concentration seems largely 
alike. In the right panel, which reflects MOIC percentage frequency distribution, business services dominate 
the total loss, 1 to 2.9x, and greater than 10x bins. 

  



 

11 AN ANALYSIS OF INDUSTRY ECONOMIC PERFORMANCE IN SEARCH FUNDS 

 

Figure 18: Business services histograms 

 

06 Blue-collar services 

Blue-collar services, once the ETA bullseye, are another rapidly growing area of interest in the ETA sector. 
Companies in this field include home services (plumbing, electrical, HVAC, and garage doors) and 
industrial services (parking lot maintenance and stripping, records management, and fire protection). 
These firms tend to be somewhat gritty and are labor-intensive with non-professional employees. In Figure 
19, we see that blue-collar services have a similar median IRR to all other observations in the box plot on 
the left panel; however, the shape of the IQR is quite different. Blue-collar services have a much broader 
distribution and trend downward. Additionally, the upper quartile does not extend as high as that of the 
comparison group. Since we only have four observations in this category, the limited sample size is likely 
skewing the results. In the right panel, the MOIC box plot shows comparable median MOICs, but again, 
there is a downward trend and limited upside. 

Figure 19: Blue-collar services versus all others 

 

Figure 20 presents the descriptive statistics for blue-collar services. Median IRRs are roughly 
commensurate, at 21% for blue-collar services and 25% for all others. The mean IRRs tell a different story, 
with 0% for blue-collar services and 18% for the others. For MOICs, the median values are both around 
3.0x, but the means differ, with blue-collar services at 2.5x and the comparison group at 4.2x. 
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Figure 20: Descriptive statistics for blue-collar services 

 

The histograms in Figure 21 reflect the box plots and descriptive statistics. For IRRs in the left panel, blue-
collar services are more prominent in the partial loss and 0 to 9.9% bins but are also more concentrated in 
the 20 to 34.9% bin. For MOICs in the right panel, other categories display a more even distribution, while 
blue-collar services tend to have higher partial losses and more 3 to 4.9x outcomes. 

Figure 21: Blue-collar services histograms 

 

07 Consumer services 

Our final industry segment is consumer services. In Figure 22, which shows IRR and MOIC box plots, the 
left panel displays homogeneous median IRRs but with very different distribution patterns. Consumer 
services features a larger second quartile that slopes downward and a first quartile with much more negative 
values. In the MOIC panel on the right, we observe congruent first quartiles and median MOICs and 
divergent mean MOICs, as well as variations in the first and second quartiles. 
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Figure 22: Consumer services versus all others 

 

For descriptive statistics related to Figure 22, see Figure 23. Median IRRs and MOICs are tied, while mean 
IRRs for consumer services lag behind all others by 1,000 basis points (9% versus 19%). Additionally, 
MOICs show a different trend, with consumer services recording a 6.4x return compared to the 3.9x for 
the comparison group. 

Figure 23: Descriptive statistics for consumer services 

 
The histograms in Figure 24 show consumer services with more lower IRRs, which are less desirable, and 
fewer higher IRRs, which are more rewarding. The distribution for MOICs is generally synonymous. 
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Figure 24: Consumer services histograms 

 
 
We will display two additional box plots and sets of descriptive statistics in Figures 25 and 26, representing 
all industry sectors based on IRR and MOIC, respectively. Median IRRs are generally matched, except for 
food and beverage, which dips, and healthcare, which increases. The shapes of the IQRs differ across 
sectors, with business services, software, and healthcare showing narrower ranges. 

Figure 25: IRR box plot and descriptive statistics for all industry segments 

 
 

 
 

In Figure 26, which illustrates the MOIC array, food and beverage once again trails, and healthcare shows 
a slightly higher median MOIC, while education achieves higher upper-end MOICs. 
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Figure 26: MOIC box plot and descriptive statistics for all industry segments 

 
 

 
 
08 Top decile winners 

Before concluding the single-variable analyses, we will perform one last test to see if there is a concentration 
of representation by industry among the positive and negative outliers. We prefer to focus on central-
tendency outcomes—medians—because they reflect the most likely range of results, especially for 
entrepreneurs who tend to make a single wager. Of course, there will be second-deviation outlier winners, 
but although they are interesting, they are hard to explain and clearly unlikely. Despite this, we know 
readers are interested in the top decile winners, and we will share those results. 

We conduct two tests to identify top-decile performance. First, in the left panel of Figure 27, we analyze 
IRRs. We culled the top 15 IRR observations; this defines the tenth decile. We call this group our hall of 
fame (HOF)—the very best. In the right panel, we set a minimum MOIC of 10x, resulting in 9 
observations, which is slightly fewer than the entire top decile. We refer to this group as our griffins 
(companies that achieve a MOIC of 10x or higher). In each panel, we display the number of observations 
by industry segment. We then calculate the percentage representation of each group. This indicates nominal 
concentration but is not a complete or fair analysis because it does not account for the number of 
observations per industry. A sector with 100 at-bats would likely have more griffins than one with only 10 
at-bats. To address this, we compute per capita representation, which adjusts for the number of 
observations per industry, and organize the data accordingly. 
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Figure 27: HOF and griffin industry results (IRR on the left panel and MOIC on the right panel) 

 

In the HOF IRR panel, food and beverage leads with 25% of observations being top decile IRR performers. 
This is somewhat misleading because the category only has four observations, and one was very good. A 
single positive result does not prove a sector’s strength. Healthcare and consumer services are tied for 
second at 17%. In the right panel, the MOIC assessment shows education in the lead with a 33% per capita 
representation, and healthcare, consumer services, and business services are loosely tied for second. What 
does the HOF and griffin analysis tell us? Not much. Food and beverage and education have too few 
observations to draw conclusions, and no other sector meaningfully places in the HOF or griffin tables. 
Without conducting any statistical significance testing, it seems premature to claim that any industry 
segment is more likely to land in the HOF or griffin podiums. 

We will now shift our focus to the bottom decile performers for IRR and MOIC (Figure 28). We consider 
these the Icarus deals. They tried to soar and fly high but ultimately crashed and were wiped out. In the left 
panel, which shows the lowest IRR performers, food and beverage again leads with 50% representation. 
Software mirrors the HOF placement with 9%, and consumer services accounts for 8%. In the right panel, 
reflecting MOICs, food and beverage remains the bottom performer, while unidentified makes up 23%, 
and consumer services is at 17%. What does this bottom decile decomposition tell us? Again, not much. 
Since some categories have few observations, it is hard to draw definitive conclusions. Additionally, no 
industry sector overwhelmingly dominates the bottom decile segmentation. 

Examining the best and worst outliers, there is no evidence that any industry, with ample observations, 
consistently falls into the HOF and griffin buckets or the bottom decile. A varied distribution seems to exist. 

Figure 28: Bottom decile industry results (IRR on the left panel and MOIC on the right panel) 

 
 

Regression analyses 

We will now perform statistical tests on industry segments using IRRs. We will do this in two ways. First, 
we will run single-variable regressions on each of our seven industry segments to analyze the effect on the 
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coefficient and the strength of the corresponding p-value. In these tests, each sector is examined in isolation, 
with the control group consisting of all observations outside the tested industry segment. This means that 
the control group varies in each test. Given multiple hypothesis testing across sectors, isolated marginal p-
values should be interpreted cautiously. 

Next, we will perform a multiple linear regression analysis, grouping all industries together to evaluate the 
model’s performance. In this analysis, we created dummy variables for each industry because industry is a 
qualitative (categorical) variable. We excluded business services from the industry grouping and used it as 
the control group since it had the most observations. In this setup, business services serves as the reference 
category, and the coefficients for the other industries indicate the change relative to business services (the 
slope intercept). 

In Figure 29, we present the summary regression table. We will begin our discussion by analyzing 
individual variables. While education has the highest positive coefficient at 0.34, the p-value of 0.24 is too 
high to consider the regression significant. Healthcare has a coefficient of 0.21 with a p-value of 0.06, 
indicating marginal statistical significance at the 10% level. The highest negative coefficient in the single 
variable regression is for food and beverage at -0.52, with a statistically significant p-value of 0.04. Blue-
collar services and consumer services have negative coefficients of -0.18 and -0.09, respectively, but with 
high p-values of 0.48 and 0.53, which suggest a failure to reject the null hypothesis. What does this mean 
in plain English? Food and beverage seems to be structurally less attractive within our sample, and 
healthcare is somewhat promising, but nothing else appears to be statistically reliable. 

Figure 29: Summary regression table 
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Switching to multiple linear regression, the food and beverage sector still executes poorly, with a coefficient 
of -0.48 and a marginally significant p-value of 0.06 at the 10% level, while healthcare continues to show 
directional performance, with a coefficient of 0.21 and with marginal statistical significance at the 10% 
level (p-value of 0.08). Nothing else appears to be significant. Our coefficient of determination (R2) is 
0.06, meaning only 6% of the dependent variable (IRR) is explained by industry segment. However, the 
joint F-test is not statistically significant (p = 0.14), indicating that the industry variables collectively do 
not explain variation in IRR at conventional levels.  In other words, industry classification explains only a 
modest part of the cross-sectional variation in returns, indicating that firm-specific factors tend to 
overshadow macro industry effects. To be clear, we are not claiming that industry is irrelevant; we are 
simply stating that it does not explain IRR deterministically. 
 

Key insights 

As always, we packed a lot of information and analysis into a brief note. We find it all fascinating and 
informative. However, we recognize that the sheer volume of data and numbers might obscure the core 
messages. In this section, we provide five key takeaways and insights in simple language. These are the 
main themes we want students and readers to internalize. 

Figure 30: A quintet of key takeaways and insights 

 
 

01 Industry explains a very small part of IRR variation 

If readers are looking for a simple, concise pathway to enhancing IRR through industry selection, they will 
be disappointed with this note. Our statistical analysis indicates that we need to look elsewhere for 
independent variables that explain IRR in large measure, because the industry sector is not a major factor. 
Industry classification explains only 6% of IRR variation, and the multiple linear regression test is not 
statistically significant. This indicates that industry selection alone is unlikely to be a key factor influencing 
ETA outcomes and may be more of a secondary effect compared to firm-specific execution. While choosing 
a sector can influence opportunity sets and strategic context, firm-level execution and deal-specific 
dynamics are likely more important in driving ETA results. 
 
02 Healthcare manifests directional strength 

If there is one industry segment that appears to demonstrate superiority, it is healthcare. Healthcare exhibits 
consistent directional strength, though the statistical confidence is moderate. With higher median IRRs 
and MOICs than those of comparison groups and a notable lift in single- and joint-regression testing, 



 

19 AN ANALYSIS OF INDUSTRY ECONOMIC PERFORMANCE IN SEARCH FUNDS 

 

healthcare stands out in our dataset. However, we are cautious about overinterpreting the results, and we 
are not suggesting that entrepreneurs and investors should jettison all other industry opportunities; we are 
simply stating that the data and analyses send a positive signal for healthcare. Healthcare is already a 
common industry target in the ETA space, so perhaps entrepreneurs instinctively recognize its appeal and 
potential. 
 
03 Food and beverage underperforms as a sector 

If healthcare stands out positively, food and beverage exemplifies the downside, even with a sole 
observation in the HOF and griffin tables. Despite only a few observations in this segment, food and 
beverage consistently underperforms in both descriptive and regression analyses. Anecdotally, we do not 
view food and beverage as a popular ETA choice, which might be for good reason. Perhaps entrepreneurs 
sense the pitfalls and steer clear of this trade. 
 
04 Most industries are indistinguishable 

Apart from healthcare and food and beverage, most industries cluster around akin median IRRs and are 
nearly indistinguishable. Despite the ETA gold rush into software and the historical mantra that business 
services are attractive targets, these niches behave and perform much the same as others. There is little 
performance differentiation across industry verticals, implying that industry alone does not determine or 
predict ETA IRRs. This suggests that while industry theses may shape search strategy (sourcing, screening 
efficiency, and probability of closing), they do not appear to be strong statistical predictors of IRR 
outcomes. 
 
05 Firm-level characteristics might explain IRR more than macro industry effects 

At this point, readers might feel frustrated and ask, “If industry selection does not matter, what actually 
determines IRRs?” That is a fair and reasonable question. Our answer is that we are not entirely sure beyond 
randomness or undetectable variables. We can, however, propose a hypothesis, even without testing or 
definitive proof: It is possible that firm-level dynamics are the secret sauce for outcomes, not the industry 
itself. When we look at firm-level characteristics, we focus on leadership, culture, operational excellence, 
customer service centricity, capital structure, strategy, and the CEO’s experience—which includes industry-
specific experience—along with attitude, behaviors, and grit. Some of these factors are unobservable traits 
that are difficult to measure or quantify (and test statistically), but we often can tell when they are working 
well or not. Additionally, firm-level attributes might include unique economic characteristics such as capital 
intensity, working capital dynamics, revenue attributes, and inherent organic growth trends. We leave this 
note with the idea that there are no magic industry silver bullets and that the factors that drive IRR success 
are fundamental blocking and tackling at the enterprise level—good old-fashioned running an exceptional 
shop. We also believe that unexplainable chance (both beneficial and deleterious) might play a bigger role 
than we understand or are willing to admit. 
 

Conclusion 

Industry selection is a common focus among ETA entrepreneurs and investors. It is often considered a key 
strategic decision in ETA. However, our evidence shows it is less influential than commonly thought. When 
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we examined the link between industry and IRR results, we found only a weak connection. Our descriptive 
and statistical analysis revealed no consistent patterns, except in healthcare and food and beverage. Our 
research indicates that industry alone does not determine financial success and that firm-level execution and 
managerial effectiveness might be more important drivers. 

No matter which industry segment you pursue in your ETA odyssey, we wish you fortune, happiness, and 
victory. We believe that you, the entrepreneur and CEO, are the essential factor in determining your results. 
Choose your industry thoughtfully, but understand that sustained performance is more likely driven by 
execution than by sector choice alone. In other words, bet on yourself and do not think that the industry 
alone will carry you forward. 

Good luck; we are rooting for you and cheering you on every step of the way! 
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This case has been developed for pedagogical purposes. The case is not intended to furnish primary data, serve as an 
endorsement of the organization in question, or illustrate either effective or ineffective management techniques or strategies.  

Copyright 2026 © Yale University. All rights reserved. To order copies of this material or to receive permission to reprint part or 
all of this document, please contact the Yale SOM Case Study Research Team: email case.access@yale.edu. 
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